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8- Predictive model
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1- Landscape

2- Traditional soil mapping
3- Pedometry

4- Digital soil mapping



Y0

WAV Ol ¥ o les FY o ((5555L5S" oo alona) ol omikige

Gl 5313 5525 Ol ol 55887 55 o s JB ST
g5 ol el izie ol Lg,,TC‘.? slaosls
Sl 1 5t 55 5 s 5l
5\_5.u_a>ug\usl_<ﬂ@j}: OT 534S ol Ol
4 o 45538 S ar 5 LA [aBl L 5 OLeS
Coa U aadllae sl S Sledlbl 058 slaosls
Osemn 8 3) S gy 5 pali (sla g, 5,0,8
3 bt g (553 0 g S5 leboa i Sty
SL;&uéf)fa);@ﬁjﬁé\ﬁ(M&):)
OLa S Dbl oy alate 53 Ladite ol LIS ob551 5

A28 b

by 59y 93l

& Wl dikxie
YA ol gl b e o andlas 350 adbie
sadsh 5 Jlad aidsq 5 ax ;o VAL adds OF 5 ey
4235 YA 5 a3 OA B 4dds ¥ 5 a5 OA L3l 2
Ol 8" Okl Gyb 53 5 Ol (B0 s 5o (S5
g gle calaie ol () JSE) cl a3 515
ol ol Glales ey li g o 1y LS Sl Ao
055 5 a4 bbb LN @wSSlby se Joli cailaie
oo FF adlaio ol 6L (S oS0l Al s
ool o) § sl a3 YY OT Sl a3 Jaw e
Voor T 55 A IS Lo oS b e sl
dsloes (IYVNATAY) Wl Yoo o lT 0y93 53 2 e
gl 3 e V00 il gl o Sile s A
Gued) e bl adbte ol (VP)Cl s
Ssb) 5 Sl Gl 4B b s L oIS T
w230 5 Sl msbs wds sl Wl S
e sS Low g dilbie ol (Y) el ¢Sa 5 mla Sl >
bl 5,0 Oy b o Jld 1 SlaassT 5 SaT

NGV PR

8- Multinomial regression logistic (MLR)
9- Boosted regression trees (BRT)
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1- Multivariate regression
2- Nonlinear regression

3- Artificial neural network
4- Tree regression

5- Fuzzy logic

6- Decision tree (DT)

7- Genetic algorithms
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Figure (1) Location of the study area and sampling points in Bam, Kerman province
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2- Haplosalids

3- Haplocalcids

4- Haplogypsids

5- Haplocambids

6- Calcigypsids

7- Calscigypsids

8- Petrocalcids

9- Torriorthents

10- Digital elevation model

11- Aster Global Digital Elevation Model
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1- Stratified sampling scheme
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2- Boosting
3- Generalized Boosted Regression Models
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Table (1) Train attributes used for spatial prediction
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3- Producer accuracy (PA)
4- Kappa index

5- Brier scores 1- Overall accuracy (OA)
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2- Aksoy et al.
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Table (2) Selected variables in soil great group prediction by MLR and BRT model
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*The abbreviated symbols are described in Table 1.
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Figure (2) Selected variables in soil great group prediction by decision tree model the abbreviated symbols are
described in Table 1.
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Table (3) Comparison of predictive quality of soil great groups prediction in calibration data set
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Table (4) Comparison of prediction quality of models in the study area
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Figure (3) Spatial distribution of the soil great groups derived from decision tree model
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